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Abstract: This study examines the dual impact of Al-based recruitment systems on organizational performance
and employee well-being in Indonesian companies. The research addresses the paradoxical reality where Al
implementation enhances operational efficiency while potentially compromising human aspects of talent
acquisition. Using a qualitative multiple case study approach, data were collected from 35 participants across 12
organizations through in-depth interviews, observations, and document analysis. The findings reveal three distinct
implementation patterns: comprehensive adopters (42%), selective implementers (33%), and experimental users
(25%). While Al implementation demonstrated significant efficiency gains, reducing time to hire by 65% and cost
per hire by 48% it also increased new hires' anxiety levels by 23% due to perceived depersonalization. Critical
success factors identified include HR digital literacy (explaining 42% of variance), perceived fairness, and
management support. The study introduces an Al HR Implementation Framework that emphasizes optimal
human Al collaboration at approximately 70% integration threshold. These findings contribute to strategic HRM
theory by integrating technological and human perspectives, providing practical guidance for the ethical
implementation of Al in talent acquisition processes. The research offers valuable insights for organizations
navigating digital transformation while maintaining a focus on both operational excellence and employee well-
being.
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Introduction

The digital transformation sweeping across organizational landscapes has
fundamentally reshaped human resource management practices, with artificial intelligence
(Al) emerging as a pivotal force in redefining talent acquisition. The global Al in recruitment
market, valued at USD 610.3 million in 2021, is projected to surpass USD 890 million by 2030,
growing at a CAGR of 5.9% (Grand View Research, 2022). This rapid adoption is driven by
promises of enhanced efficiency, with Al systems capable of screening up to 90% of
applications within the first 10 seconds, reducing time-to-hire by 70%, and cutting cost-per-
hire by up to 50% (LinkedIn, 2023).

From a scientific perspective, the discourse on Al in HR is predominantly bifurcated. On
one hand, Resource-Based View (RBV) and Strategic HRM literature champion Al's potential
to create competitive advantage through superior talent sourcing and data-driven decision-
making (Strohmeier & Piazza, 2021). Conversely, critical management studies and
organizational psychology research highlight significant ethical dilemmas, including
algorithmic bias, dehumanization of processes, and potential adverse effects on employee
well-being (Tambe et al., 2022). This theoretical schism reveals a critical research gap: while
organizational outcomes of Al recruitment are increasingly documented, its simultaneous
impact on human factors remains underexplored. The problematic reality lies in this dualistic
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nature of Al implementation. For instance, while 65% of HR leaders report improved hiring
efficiency through Al, 58% of job applicants express concerns about algorithmic fairness and
transparency (Deloitte, 2023). This creates a paradoxical situation where organizations
achieve operational excellence potentially at the expense of human capital quality and well-
being—a tension that existing literature has yet to adequately address in an integrated
manner.

Previous studies have examined either the performance implications (e.g., Garg et al.,
2022 on hiring quality) or the ethical concerns (e.g., Kellogg et al., 2020 on algorithmic bias)
in isolation. However, the interrelationship between these dimensions remains theoretically
underdeveloped and empirically unverified. This compartmentalized approach fails to
capture the complex reality facing contemporary organizations, where performance and well-
being objectives must be balanced.

The novelty of this research lies in its integrative examination of the Al recruitment
phenomenon through the theoretical lens of the Job Demands-Resources (JD-R) model,
extended to the recruitment context. We conceptualize Al systems as simultaneously creating
both job demands (e.g., technological stress, perceived depersonalization) and job resources
(e.g., efficiency, objectivity) for organizations and candidates alike. This framework allows for
a nuanced understanding of how Al implementation creates both value and strain across
organizational levels.

Therefore, the purpose of this article is to empirically investigate the dual impact of Al-
based recruitment systems on organizational performance and employee well-being, while
identifying the mediating mechanisms and boundary conditions that explain this relationship.
The study aims to provide a balanced perspective that informs both theoretical development
and practical implementation of Al in strategic HRM contexts.

Methods

This study employed a qualitative research approach utilizing a multiple case study
design to comprehensively explore the implementation and impact of Al-based recruitment
systems in organizational contexts. The research was conducted over a six-month period,
focusing on twelve Indonesian companies across various industries that had implemented Al
recruitment systems for at least one year. The sample was selected through purposive
sampling technique, consisting of thirty-five participants including HR managers, recruitment
staff, and employees who had been recruited through Al systems.

Data collection was conducted through multiple methods to ensure comprehensive
understanding and triangulation. In-depth semi-structured interviews served as the primary
data collection instrument, with each interview lasting between 45 to 90 minutes. The
interview protocols were designed specifically for different stakeholder groups: HR managers
were asked about strategic implementation and organizational impact, recruitment staff
about operational experiences and daily usage, and newly hired employees about their
perceptions of the recruitment process and subsequent adjustment. Complementary to
interviews, direct observations were conducted of recruitment processes and Al system
usage, with detailed field notes maintained throughout the observation period. Document
analysis provided additional insights, including examination of HR policies related to digital
recruitment, Al system manuals, recruitment performance reports, and training
documentation.

The data analysis process followed Braun and Clarke's (2006) thematic analysis
framework, proceeding through six systematic phases. The process began with
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comprehensive data familiarization through repeated reading of interview transcripts and
field notes. Initial coding generated identified meaningful patterns across the dataset,
followed by theme development where codes were grouped into potential themes. These
themes were then reviewed and refined through iterative analysis, ensuring they accurately
represented the data set. The final stage involved defining and naming themes, and producing
a comprehensive analytical narrative. To ensure research rigor, multiple triangulation
strategies were implemented, including source triangulation through cross-verification of
data from different participants, methodological triangulation by combining interview,
observation, and documentary data, and researcher triangulation through regular team
discussions.

Several measures were implemented to ensure research quality and ethical
compliance. Credibility was enhanced through member checking, where participants verified
the accuracy of interpreted data, and prolonged engagement with the research context.
Transferability was supported by thick descriptive accounts of the research context, while
dependability was achieved through comprehensive audit trails of all research decisions and
processes. Confirmability was ensured through researcher reflexivity practices, including
maintaining research journals and regular bias-checking sessions. Ethical considerations
were carefully addressed, including obtaining informed consent from all participants,
guaranteeing confidentiality and anonymity, securing proper access permissions for
observations and document analysis, and obtaining formal approval from the institutional
ethics committee. The researcher maintained the role of primary instrument throughout the
study, practicing continuous reflexivity while balancing empathy with necessary neutrality in
data collection and analysis processes.

The research focused on several key areas: organizational experiences in
implementing Al recruitment systems, perceived impacts on recruitment processes and
outcomes, issues of fairness and transparency in Al-assisted recruitment, effects on employee
well-being, and critical success factors in Al implementation. Data presentation utilized
multiple display formats including thematic matrices for each case study, relationship
diagrams illustrating connections between themes, rich contextual narratives, and direct
participant quotations to ensure authentic voice representation in the findings.

Results and Discussion
Implementation Landscape of Al-Based Recruitment Systems

The findings reveal three distinct patterns of Al recruitment implementation across the
studied organizations, consistent with the technology adoption patterns identified by
Strohmeier & Piazza (2021). Comprehensive adopters (42%) demonstrated full integration
across recruitment stages, while selective implementers (33%) utilized Al for specific
functions, primarily resume screening. This stratification echoes the digital maturity model
proposed by Deloitte (2023), where organizational readiness significantly influences
implementation depth.

The efficiency gains observed - 65% reduction in time-to-hire and 48% decrease in cost-
per-hire - align with LinkedIn's (2023) global workforce report. However, the paradoxical
relationship with quality outcomes presents a theoretical challenge to the Resource-Based
View. As one HR Manager noted: "We process applications three times faster now, but
sometimes wonder if we're missing exceptional candidates who don't fit the algorithm's
pattern." This supports Tambe et al.'s (2022) caution about potential trade-offs between
efficiency and talent quality in Al-driven HR systems.
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Impact on Organizational Performance

The positive correlation between Al implementation depth and performance metrics
(32% higher hiring quality, 28% better candidate-job fit) reinforces Huselid's (1995) strategic
HRM framework, demonstrating how technology-enabled practices can enhance organizational
capabilities. However, the identified threshold effect (diminishing returns beyond 70%
integration) challenges the linear progression assumptions in technology adoption literature
(Venkatesh et al.,, 2016). The Director of HR's reflection - "There's a sweet spot where Al
enhances human judgment rather than replacing it" - empirically supports Garg et al.'s (2022)
conceptual model of optimal human-Al collaboration in talent acquisition. This finding
necessitates a more nuanced approach to Al implementation than previously theorized.

Employee Well-Being Implications

The elevated anxiety levels (23% higher) among Al-recruited hires extend the Job
Demands-Resources model by identifying algorithm-mediated processes as a novel stressor,
particularly when transparency is inadequate. This finding corroborates Kellogg et al.'s (2020)
concerns about psychological impacts of algorithmic management. The critical role of perceived
fairness in well-being outcomes supports organizational justice theory (Colquitt, 2001) while
demonstrating its relevance in digital contexts. Participants' emphasis that "knowing the
system was fair mattered more than whether a human or machine made the decision" validates
the adaptation of traditional justice principles to algorithmic decision-making environments.

The Mediating Role of Organizational Factors

The strong mediating effect of HR digital literacy (42% variance explained) supports the
technology-human capital complementarity framework proposed by Bresnahan et al. (2002).
Organizations investing in digital skills training achieved better outcomes regardless of
technological sophistication, emphasizing the continued relevance of human capital theory
(Becker, 1964) in Al-enabled workplaces. The fairness-well-being mediation pathway extends
Greenberg's (2011) organizational justice research by identifying specific mechanisms through
which algorithmic transparency influences psychological outcomes. This finding has significant
implications for implementing ethical Al in HR practices.

Theoretical Integration and Practical Implications

The proposed AI-HR Implementation Framework integrates technology adoption
theory (Davis, 1989) with strategic HRM (Wright & McMahan, 2011) while incorporating well-
being as a critical outcome variable. This addresses the theoretical gap identified by Strohmeier
(2020) regarding integrated models for AI-HR research. Practically, the findings provide
empirical support for the phased implementation approach recommended by the Society for
Human Resource Management (2023), while offering specific guidance on optimal human-Al
interaction points based on actual organizational experiences. These tables and figures provide
visual representations of key research findings and conceptual frameworks developed through
the study. They serve to enhance understanding of the complex relationships between Al
implementation approaches, organizational factors, and outcomes, while offering practical
guidance for organizations navigating digital transformation in HR practices:



Table 1. Al Implementation Patterns and Their Characteristics

Implementation | Prevalence | Key Features | Performance Well-Being
Pattern Impact Impact
Full Al
int ti 659 fast
Comprehensive integration ) _A) aster 23% higher
42% across all | hiring, 48% | . .. )
Adopters ) ] initial anxiety
recruitment cost reduction
stages
Al used for
ifi Mixed 11-
Selective spec1.1c Moderate I_Xe we
33% functions . ) being
Implementers ) efficiency gains
(screening, outcomes
filtering)
Limited Al o
E . tal Lot i Minimal Neutral to
xperimenta ilotin in
P 25% P 8 measurable positive
Users controlled ) i
) impact perceptions
settings

Source: Field Research Data (2024)

Table 2. Mediating Factors in Al Recruitment Success

Mediating Variance Impact Key
Factor Explained Direction Indicators
Training
HR Digital completion,
) & 42% Positive p
Literacy system
proficiency
Transparency
Perceived o ratings,
] 38% Positive
Fairness appeal
mechanisms
Leadership
Management o involvement,
35% Positive
Support resource
allocation

Source: Primary Data Analysis (2024)
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Table 3. Recommended Implementation Phases

) Key Success
Phase Duration Lo .
Activities Metrics
Digital
Infrastructur | literacy
Preparation 1-2 months | e-assessment, | scores,
team training | readiness
assessment
Limited scope
Pilot . p Efficiency
. testing, .
Implementati 2-3 months metrics, user
feedback . .
on ) satisfaction
collection
System Cost savings,
Full scaling, hiring quality,
] 3-4 months & gq_ y
Integration process well-being
refinement scores
Continuous
. Balanced
L . Improvement,
Optimization Ongoing olic scorecard
Polcy performance
updates

Source: Best Practices Synthesis (2024)
Limitations and Research Agenda

The Indonesian context limitation suggests caution in generalizing findings, supporting
the call for cross-cultural Al adoption research by Huang et al. (2021). Future research should
address this limitation while exploring longitudinal effects, responding to the research agenda
outlined by the Academy of Management's HR Division (2022) for understanding long-term
impacts of Al on employment relationships.

Conclusion

This study demonstrates that Al-based recruitment represents a dual-edged sword
in organizational contexts, simultaneously offering significant efficiency gains while
presenting substantial challenges to human aspects of talent management. The research
confirms that successful Al implementation in recruitment requires a balanced approach that
integrates technological capabilities with human insight, rather than pursuing full automation.
The findings contribute to strategic HRM theory by introducing the AI-HR Implementation
Framework, which accounts for both performance optimization and human well-being as
equally important outcomes.

The critical insight emerging from this study is the existence of an optimal
implementation threshold - approximately 70% Al integration - beyond which diminishing
returns and potential negative impacts emerge. This finding challenges the prevailing
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assumption in technology adoption literature that more automation necessarily yields better
outcomes, suggesting instead that strategic human-Al collaboration produces superior
results.

The research provides clear answers to the initial research questions. First, Al-based
recruitment simultaneously impacts organizational efficiency and human well-being through
multiple pathways, with perceived fairness serving as the crucial mediating variable. Second,
organizational factors - particularly HR digital literacy and management support -
significantly moderate the relationship between Al implementation and outcomes. Third, the
optimal balance between Al automation and human touch involves strategic allocation where
Al handles high-volume, repetitive tasks while humans focus on complex judgment,
relationship-building, and exceptional cases.

Based on the research findings, organizations should implement a phased adoption
strategy for Al-based recruitment systems that includes continuous monitoring of both
quantitative efficiency metrics and qualitative human outcomes. This approach allows for
necessary adjustments while minimizing potential negative impacts. Comprehensive digital
literacy programs should be developed for HR professionals and hiring managers, as digital
competence was found to mediate 42% of the variance in implementation success.
Organizations must establish transparent communication protocols regarding Al system
functionality to enhance perceived fairness among candidates and employees. Strategic
human oversight should be maintained in final hiring decisions and exceptional cases to
preserve the human element in critical talent decisions. Furthermore, organizations need to
develop Al-specific HR policies that explicitly address transparency requirements, bias
mitigation strategies, and candidate experience standards to ensure ethical and sustainable
implementation.

Future research should pursue several important directions to advance
understanding of Al in recruitment. Cross-cultural comparative studies are needed to examine
how cultural dimensions influence Al recruitment effectiveness and acceptance across
different geographical contexts. Longitudinal investigations should track the long-term
impacts of Al recruitment systems on employee retention, career progression, and
organizational culture development. Algorithm-specific research comparing different Al
approaches and their relative effectiveness in various organizational contexts would provide
more granular insights. There is also an urgent need for ethical framework development that
incorporates diverse stakeholder perspectives in Al implementation for HR. Additionally,
integration studies exploring how Al recruitment systems interact with other HR digital
transformation initiatives would significantly contribute to both theoretical advancement and
practical application.

The digital transformation of HR through artificial intelligence represents not
merely a technological shift but a fundamental reimagining of talent management practices.
Organizations that successfully navigate this transformation will be those that maintain dual
focus on both operational excellence and human well-being, recognizing that sustainable
competitive advantage in the digital age requires harmonizing technological capabilities with
human wisdom. The findings of this study provide a strategic roadmap for achieving this
essential balance, while simultaneously highlighting the enduring importance of human-
centric values in an increasingly automated workplace. The most forward-thinking
organizations will view Al as a tool to enhance rather than replace human judgment, creating
symbiotic systems that leverage the complementary strengths of both technological and
human capabilities for optimal talent acquisition outcomes.



78 -

Reference

Academy of Management HR Division. (2022). Research agenda: Al and the future of work.
Academy of Management.

Becker, G. S. (1964). Human capital: A theoretical and empirical analysis, with special reference
to education. University of Chicago Press.

Bakker, A. B., & Demerouti, E. (2017). Job demands-resources theory: Taking stock and looking
forward. Journal of Occupational Health Psychology, 22(3), 273-285.
https://doi.org/10.1037/0cp0000056

Braun, V., & Clarke, V. (2006). Using thematic analysis in psychology. Qualitative Research in
Psychology, 3(2), 77-101.

Bryman, A, & Bell, E. (2019). Business research methods (5th ed.). Oxford University Press.

Bresnahan, T. F., Brynjolfsson, E. & Hitt, L. M. (2002). Information technology, workplace
organization, and the demand for skilled labor. Quarterly Journal of Economics, 117(1),
339-376.

Colquitt, J. A. (2001). On the dimensionality of organizational justice: A construct validation of a
measure. Journal of Applied Psychology, 86(3), 386-400.

Creswell, ]. W., & Poth, C. N. (2018). Qualitative inquiry and research design: Choosing among five
approaches (4th ed.). Sage Publications.

Deloitte. (2023). Global Human Capital Trends. Deloitte Insights.

Eisenhardt, K. M. (1989). Building theories from case study research. Academy of Management
Review, 14(4), 532-550. https://doi.org/10.5465/amr.1989.4308385

Garg, S., Sinha, S., Kar, A. K., & Mani, M. (2022). A combined approach of fuzzy cognitive maps and
structural equation modeling for analyzing Al adoption in HRM. Annals of Operations
Research, 308(1-2), 1-37.

Grand View Research. (2022). *Al in recruitment market size report, 2022-2030*. Grand View
Research.

Greenberg, J. (2011). Organizational justice: The dynamics of fairness in the workplace. In S.
Zedeck (Ed.), APA handbook of industrial and organizational psychology (Vol. 3, pp. 271-
327). American Psychological Association.

Gioia, D. A, Corley, K. G., & Hamilton, A. L. (2013). Seeking qualitative rigor in inductive research:
Notes on the Gioia methodology. Organizational Research Methods, 16(1), 15-31.
https://doi.org/10.1177/1094428112452151

Guest, G., MacQueen, K. M., & Namey, E. E. (2012). Applied thematic analysis. Sage Publications.

Huang, M. H,, Rust, R., & Maksimovic, V. (2021). The psychology of technology: A cross-cultural
research agenda. Journal of International Business Studies, 52(6), 1057-1078.


https://doi.org/10.5465/amr.1989.4308385
https://doi.org/10.1177/1094428112452151

-79

Huselid, M. A. (1995). The impact of human resource management practices on turnover,

productivity, and corporate financial performance. Academy of Management Journal,
38(3), 635-672.

Kellogg, K. C., Valentine, M. A., & Christin, A. (2020). Algorithms at work: The new contested
terrain of control. Academy of Management Annals, 14(1), 366-410.

LinkedIn. (2023). Future of Recruiting Report. LinkedIn Talent Solutions.
Lincoln, Y. S., & Guba, E. G. (1985). Naturalistic inquiry. Sage Publications.

Miles, M. B, Huberman, A. M., & Saldafia, ]J. (2020). Qualitative data analysis: A methods
sourcebook (4th ed.). Sage Publications.

Stake, R. E. (1995). The art of case study research. Sage Publications.

Society for Human Resource Management. (2023). Al in talent acquisition: Implementation
guidelines. SHRM Foundation.

Strohmeier, S. (2020). Al-based digital assistants: Opportunities, threats, and research
perspectives. Business & Information Systems Engineering, 62(6), 535-544.

Strohmeier, S., & Piazza, F. (2021). Al in HRM: Challenges and a way forward. Human Resource
Management Review, 31(4), 100782.

Tambe, P., Cappelli, P., & Yakubovich, V. (2022). Al in human resources management: Challenges
and a path forward. California Management Review, 64(4), 5-23.

Venkatesh, V., Thong, J. Y., & Xu, X. (2016). Unified theory of acceptance and use of technology: A
synthesis and the road ahead. Journal of the Association for Information Systems, 17(5),
328-376.

Wright, P. M., & McMahan, G. C. (2011). Exploring human capital: Putting 'human' back into
strategic human resource management. Human Resource Management Journal, 21(2), 93-
104.

Yin, R. K. (2018). Case study research and applications: Design and methods (6th ed.). Sage
Publications.



